Why Should We Account for Intersectionality in Quantitative
Analysis of Survey Data?!

Joshua Dubrow (Warsaw)

While in the social scieaces most of the empirically-based research on intessectio-
nality employs qualitative techniques such as in-depth interviewing and archivat work,
there is a small, but steadily growing, literature that employs quantitative statistical
techniques on national and cross-national survey data. This issue raises two main
questions: (1) why should social scientists place intersectionality at the heatt of their
theory-driven guantitative endeavors? and (2) hew can we account for intersectio-
nality in guantitative analysis of survey data? These questions have been addtessed
elsewhete {Choo and Ferree 2010; Dubrow 2008; Hancock 2007; McCall 2005,
Walby 2007; Weldon 2006). Rare, however, is the discussion of why quantitative-
oriented social scientists should account for intersectionality that also provides an
empitical example of its potentially revolutionary insights. My contribution is to
place the why and how arguments in the context of quantitatively-oriented — and thus,
mainstseam — social stratification reseasch, which frequently uses survey data to ex-
“plote stractured differences between demographic groups. My goal is to advocate
for the scientific exploration of intersectionality using survey data to test its theoreti-
cal propositions and improve its capacity for explaining human social life.

'This chapter proceeds in three steps. First, given the theoretical and methodo-
logical assumptions social scientists have about the analysis of society, and the way
social stratification researchers are trained in leading universities, I argue that inter-
sectonality is a valid and important concept for social scientists to use in social
stratification research. Second, I provide an empitical ilfustration of how intersectio-
nality can redefine how we think about the relationships between demographics and
inequality. For the empirical illustration, I use European Social Survey data 2002
— 2006 to compare France and Germany, focusing on the major demographic inter-
sections consisting of gender, ethnicity, and social class. Third, T conclude with 2
discussion of the special challenges involved in the adoption of intersectionality by
quantitative-oriented social stratification researchers,

1 A previous version of this paper was preseated at the conference: Race, Class, Gender as Categorics
of Diffesence and Tnequality: Which Perspectives arise from the Concept of ‘Intersectionality’ for
Human and Cultaral Sciences? in Paris, France, Scptember 2009, The author thanks the participants
of the conference for their helpful comments,
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Ine:c{uﬁ]jty is at the heart of the social sciences and one would be hard-pressed to

1 begin by defining some of the main terms [ use in this chapter, By social
science, I mean the rigorous application of sclendfic techniques, taken largely from
the natural sciences, to the study of human social life in all its aspects. To view socio-
logy as a science, for cxaruple, is to identify and explain thoughts and behaviors
through the development of theory-driven hypotheses, to devise precise measute-
ments of concepts, and to test hypotheses via repeated observation. There is 2 long
literature on bias in the social sciences (see Blumberg 2007 for consequences of
bias); the Issue is important, but should not render the attempt at objectivity moot.
By social inequality, I mean structured differences in the access and acquisition of
scarce and valued tesources. By intersectonality, I mean the following: individuals
consist of muldple demographic categories including gender, ethnicity, and social
class position, among others, and, depending on the particular context, some cat.e—
goties provide advantages and some disadvantages, with each having roots in social
stratification structure. Each of these intersections influence thoughts and actions.

1. Incorporating Intérsectionality into Quantitative-Oriented Social
Stratification Research

find an-aspect of human social life that social inequality does not touch. Social scien-
tists are determined to rigorously examine the circumstances in which people are
unequal, and why some inequalities endure. Acceptance ot rejection of social strati-
fication theoties and hypotheses based on empirical observation begins with how we
theorize and measure inequality.

Through their training at universides, the majority of social stratification re-
searchers are sympathetic to intersectionality. T offer one major example on this
point. While Walby (2007) argues that intersectionality has its roots in dual systems
theory of the 1980s, one can trace the idea back much farther to Max Weber’s multi-
dimensional view of social stratification®. Webet’s (1946) essay “Class, Status, Party™ .
is standard text across sociology departments in the United States and FHurope. In
that essay, Weber ctiticized Marx’s reductionist view that all stratification emanates
from the economic order. In contrast to Matx, Weber argued that social class, social
status, and power {expressed through political organizations, i.c. “parties”} are ana-

2 Tcredit this insight to Chtistopher Chase-Dunn in bis criticism of Walbys book, Globafization m_m_’ Iﬂ‘:
equeiilies: Conplexcity and Contested Modernities (2009), expressed in the session “Aut.hots Meet Critics’
at the Ynternational Sociological Association XVII Wotld Congress of Sociology, in 2010, (}.otr?borg,
Sweden. Weber is sometimes talked about in the intersectionality literature, but mostly for his discus-
ston of status honer, and rarcly for his larger point abeut multidimensional view of stratification. -
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Iytically distinct dimensions of social inequality, yet combine within the same indi-
vidual in vasious ways according to the social context. The beginnings of intersec-
tionality emerge from his writings, but arc not explicit. For cxample,

Tn any individual case, parties may rcpreseat interests determined through ‘class situation’ or ‘status
situation,” and may recruit their following respectively from one ot the other. But they need be neither
purcly ‘class” nor “purely status’ parties. In most cases they are Darlly dass parties and partly status pariies, but
Somretipies they are neither (Weber 1946: 194) [emphasis mine].

Because Weber argues for the possibility of “purc” class or status-based parties, and
that parties could be neither class nor status based, he is 2t odds with contemporary
intersectionality theorists. Yet, if we take Weber’s ideas at base — that class, status and
patty are separate, but combinable, dimensions — we see the basis of intersectionali-
ty. Methodologically, the inclusion of demographics is as old as sutvey research itself.
Quantitatively-oriented social stratification researchers analyzing survey data look
for appropriate measurcs of their concepts. Moreover, there is increasing advocacy
for the (proper) usc of interaction terms (Brambor et al 2006; Braumoeller 2004).
The step from demographics and interaction tetms to accounting for intersection-
ality in the quantitative analysis of survey data using interaction terms consisting of
demographic intersections is, on the surface, not that large.

What remains is a translation of sympathy to action. I discuss some of the bar-
riers to action in the final section of this chapter. Suffice to say at this juncture that,
theotetically and methodologically, there s great potential for quantitative-otiented
soctal stratification researchers to incorporate intersectionality in their work, but a
host of barriers remain (see Choo and Verree 2010 on this point).

2. How Intersectionality Matters: Employing Quantitative Analysis
to Cross-National Survey Data

Another major battiet is that there are few empitical studies on the use of quantita-
tive techniques in accounting for intersectionality that show the relevance of inter-
sectionality for social stratification research (Dubrow 2008). To help remove this
batrier, this section provides a brief empirical iltustration of how intersectionality
can be applied to classic questions in social stratification. The purpose is to provide
a practical guide and some suggestive results, but not a definitive test of the theo-
ties.  begin with a brief overview of the methodological concerns, and then move
to positing theories that link intersectionality with the aflocation of socioeconomic
resources across demogtaphic groups, T then explain my methodology and present
the results.
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21 Acconnting for Intersectionality in Onantitative Anafysis of Crass-National Survey Data

All methodological tools have limits: qualitative methods genetate tesults which pro-
vide vahzable insights into social stratification processes, but it is difficult to gener-
alize these results to populations other than those coveted in the qualitative study;
quantitative methods generate tesults which are generalizable to latger populations,
but fail to ilfuminate fine-grained processes. Both methods are needed to produce a
full and complete portrait of intersectionality, and to test its main assumptions.

How can we account for intersectionality in the quantitative analysis of survey
data? Itis important to match the methodology with the theory. To properly test intet-
sectionality, we must consider its various strands, and whether the available metho-
dological tools are appropriate to testing them. The tesearch agenda — applying
quantitative analytical techniques to sutvey data with the goal of testing hypotheses
derived from intersectionality literature — has two main components: methodologi-
cally, the project seeks to faithfully apply the measurement of intersections with sur-
vey data. Substantively, the project tests vatious theotetical steands related to inter-
sectionality, given existing survey data and statistical tools,

Applying intersectionality to quantitative analysis of survey data poses several
challenges (Dubrow 2008). Some argue that surveys ate inherently unable to capture
 intersections, They argue that variable ottented analyses impose “within-case inde-

. pendence of categories” (Hancock 2007: 66; see also Blumer 1956), when it could” ™

be argued that for each case — ez survey respondent — these categories are inter-
dependent. While survey data usually have demographic categories, combinations
of categories can be constructed in the form of interaction terms so that categories
are not independent of each othet. $tll another challenge is how to choose among
demographic items. Cross-national research has demonstrated that gender, ethnicity
and class have profound consequences for a wide array of attitudes and behaviots
and these variables should he tricd first®,

A problem with testing intersectionality with sutvey data consisting of represen-

tative samples is the ‘small number of cases’ problem. For statistical techniques such.... .

as multivariate regression, the more intersections included in the model, the lower
the number of cases (N) that vary across the response vasiable. A usefid way to in-
crease the N for intersectional groups while keeping a relatively homogenous overall

dataset is to pool successive rounds of the data. For example, the European Social
Survey (ES5) currently has four rounds that occurred every two years from 2002 to

3 Note, however, that as the intersectionzlity paradigm progresses, the Focus on “master” categorics —
d(,moglaphic‘; that are theorized to encompass all aspects of a person’s identity, such as gender — may
give way to othet, “emergent” — particularized and contextually contingent — categories of heretofore
undiscavered but nonetheless salient social cleavages (Warnes 2008: 457-9).
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2008. 1t is tempting to throw as maay countries together as possible to boost the N.
Yet, country contexts matters, and care should be taken in their selection. France and
Germany have different histories, but both are solidly Western Hurope, with similar
levels of ethnic heterogeneity and class structare and thus comparable with regard
to demographics and socioeconomic resousces (sce also Dura Bellat et al 2008). For
France and Germany, 1iSS data can be safely pooled between 2002 and 2006, reflect-
ing a petiod of time in which there was homogeneity of social, political and ece-
nomic context.

2.2 Theories and Hypotheses

Theoties that explain the relationship between intersectionality and socioeconomic
disadvantage argue that level of disadvantage depends on the combination of dis-
advantaged demographics. However, they differ in how they weight the constituent
categoties in calculating level of disadvantage, T examine two theoties: cumulative
disadvantage and group-specific disadvantage.

Cumnlatiye Disadvatage
Cumulative disadvantage argues that groups can be ranked according to some re-
source scale, such as socioeconomic status, and the groups with the lcast are at the
bottom, In short, this theory says that the more disadvantaged demographics rep-
resented by the individual, the more disadvantaged they atc in sociceconomic re-
sources. Other names for this theory include double jeopardy, the additive model,
and the interactive model?,

Cumulative disadvantage, while a social stratification subfield {though with
a different meaning; see DiPrete and Eirich 2006), has been criticized by various
intersectionality scholats. For example, Purdie-Vaughns and Eibach (2008) call the
cumulative disadvantage approach the “score-keeping” or “whose group is most op-
pressed,” competition. Walby (2007) argues that, “Adding up the disadvantages. ..
does not fully account for the intersection; they may often, at least partially, mutu-
ally constitute each other” (451). These scholars argue we must move past the idea
of cumulative disadvantage, and instead examine the specific contexts in which dis-
advantages arise,

However, I argue that cumulative disadvantage has yet to be tested properly. T
start with the assumption that gender and ethnicity are equal in their propensity for

4 Douhle jeopardy is not a desitable term, because the aame excludes possibility of adding a third
demagraphic.
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disadvantage. 'This is, at the outset, a problematic assertion. To say who would be
the most disadvantaged, I rely on the empitical literature that shows the refative dis-
advantages of being male versus being female, of being in an ethnic minority or not,
and of membership in disadvantaged classes’,

A straightforward way of testing cumulative disadvantage is counting the mimber
of historically disadvantaged categoties: the greater the number, the greater the dis-
advantage (Figure 1). In Figure 1, the number of disadvantaged categories repre-
sented by the individual is expressed in the first column, and the discrete demo-
graphic categories® are in the second column. For example, MAN refers to men who
belong to the ethnic majority and a relatively advantaged social class, while MAN
and ETHNIC minority refets to a man from an ethnic minority, bit is not a member
of a disadvantaged social class. WOMAN from ETHNIC minority and low social
CLASS is cxactly as described in its title,

Fignre 1. Cummlative Disadvaniage Theory as Applied to Gender, Bthnivity and Class

Disa deJnltl;zEjr(?aftegories Discrete Demographic Category
0 O IMAN
WOMAN
1 MAN and ETHNIC minority
MAN and lower CLASS
MAN and ETHNIC minotsity and lower CLASS
2 WOMAN and ETHNIC minority
WOMAN and lower CLASS
3 WOMAN and ETHNIC mincrity and lower CLASS

5 Anabsolute ‘oppression” sanling of demogtaphic groups would require some dubious assumptions,
a true scorc-kecping appioach. For cxample, how would one rank women versus ethnic minetity
men? One coutd argue that advantage and disadvantage canecl each other out, while being woman is
always disadvantaged: Men 1, Women 0. Without placing thesc cases into congexg, this is not a defen-
sible assertion.

6 Alinguistic problem is the teferencing of these ‘categoties” as distinct groups. IF the universe of pos- -

sible intersections is potentally very, very large, then at the finest, granular level, every single individ-
ual constitutes their own unique group. This is ebviously untenable from a scientitic point of view,
where some meaningful level of aggregation is necessary to genetalize about social processes and
effects. Thus, T find the term “discrete demographic category’ or ‘group” to he problematic, but mare
feasible than the anarchic altcrnative of no catcgories or groups whatsoevert.
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Cumstlative Disadvantage Flypothesis: The more disadvantaged demographics represented
by the individual, the more disadvantaged they arc in socioeconomic resources.

Ciroup-Specific Disadvantage

Like cumulative disadvantage, this theory says that some combinations of demo-
graphics — ie. intersections — have higher sociceconomic resources than others,
According to group-specific disadvantage, however, tesoutce allocation depends on
the specific combination of demographics and allows for the possibility that dis-
advantage is not necessarily camulative. In this theory, “group” means the specific
intersection of demographics; for example, gender is not a group, but gender-ethni-
city-class is a group,

Some mechanisms as to why disadvantage is not necessarily cumulative are posited
by ‘intersectional invisibility’ theory (Purdie-Vaughns and Fibach 2008). Ezxamining
interpersonal dynamics, Purdie-Vaughns and Eibach (2008) define intersectional in-
visibility as “the general failure to fully recognize people with intersecting identitics
as members of their constituent groups™ (381). The key aspect is the depree to which
the intersecting group is targeted by dominant groups. In some situations women
are socially invisible because of their particular combination of demographics, pro-
viding them « shield from being a disect target of prejudice and discrimination. Ot,
“ethnic minority women and white lesbian women, by virtue of their NON-Proto-
typicality, may escape the more active forms of discrimination ethnic minority men
and gay men face” (Purdie-Vaughns and Bibach 2008: 382). In intersectional invisi-
bility the context in which demographic groups operate influence their level of dis-
advantage: in some contexts men ate more disadvantaged, in other contexts, wom-
en (Purdie-Vaughns and Hibach 2008; see also Sidanius and Pratto 1999; Sidanius et
al 2004). Micro-level processes of this type can be replicated in labor markets and
other contexts that influence the acquisition of socioeconomic resources. Those with
historically marginatized charactesistics will have lower socioeconomic resources,
but because advantages and disadvantages are context dependent, there is no direct
relationship between mumber of disadvantaged characteristics and level of socio-
€COnOMIC resources,

Group-specific Disadvantage Hypothesis: Socioeconomic resource allocation depends
on the specific combination of demogtaphics within particular social contexts.

Theoretical Problenss

Thete are problems with these theoties. First and foremost, none propetly discuss
the role of class in weighting the level of disadvantage. Because class is more firmly
connected to economic and human capital measures of stratification, class, more so
than gender or ethnicity, is expected to be a millstone demogtaphic, dragging down
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sacioeconomic resources. Second, the group-specific disadvantage theory fails to
say cxactly why, in some contexts, women as part of a particular combination of
demographics would be more advantaged than women with other combin ing demo-
graphics. In this, the group-specific disadvantage theory is little more than a default:
it cumulative disadvantage fails its empirical test, group-specific disadvantage is the
only theory left, an intellectnally unsatisfying situation. Third, theories and the empi-
tical literature on intersectonality say little about cross-national vasiation in socio-
economic disadvantage. Cross-national variation in social, political, economic and
cultural contexts matter, but exactly how these contexts influence intersectional out-
comes is relatively unknown.

2.3 Data, VVariables and Methods

Data come from the European Social Survey (ESS). ESS is a cross-national, cross-
sectional data sct with individuals as the units of analysis. T pooled the BSS data for
France and Germany, such that my data set consists of rounds 1 (2002), 2 {2004) and
3 {2000} for these countries,

© Measnring Intersections S
Lapply McCall’s (2005) intercategotical approach, in which the relationship between

the person and the attitude or behavior is conditional upon intersecting identities.
In measurement terms, I created a series of interaction vatiables that form discrete
demographic categoties reflecting the intersections of gender, ethnicity and class.
The final analyses are based only on intersections of these three. Gender is based on
the respondent’s self-description. Fthnicity is constructed from the combination of
(a) respondents answering “yes” to the question, Do you belong to a minority ethnic group
in [respondent’s conntry/? and (b) positive answers to the question, On what grounds 75 your
groap diserininated against? in terms of at least one of the following: the color of race,
nationality, language and ethnic group. Thus, ethnicity is coded with self-report of
minotity status and/ot discrimination based on ethnicity. I constructed lower class
by dividing the lower end of the Erikson and Goldthorpe (1992) class schema — un-
skilled workers, agricuttural laborers, and self-employed farmers — from the rest, as
members of these class categoties typically have the least access to and amount of
socioeconomic resources. Professionals, administrators, and managers, routine non-
manual employees, small proprictors and employers, the self-employed, lower level
technicians and supervisors of manual workers, and skilled manual wotkers are the
reference category (see Erikson and Goldthorpe 1992 for details).
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Measuring Socioeconomic Resonroes

"To measure socioeconomic resources, 1 use the international socioeconomic index
(ISED). ISEI is a combination of income and level of education attached to occu-
pation (so-called ISCO, o intetnational standardized classification of accupation)
scores, where the higher the number, the greater the IST (see Ganzeboom et al
1992). In other words, the higher the number, the more socioeconomic resources
that demographic group has, on average. In the analyses, I calculate the ISE{ mean
and standard deviation (S.D)) for each discrete demographic intersection. Theoreti-
cally, ISEI could range from 1 100, but in these data, the range is from 16 to 90.

Because 1 measure sociceconomic resources with ISEL cases in my dataset are
those who have an occupational scote. Therefore, those who report never having
had a paying job, or are otherwise not classified as having an occupation recognized
by ISCO, are excluded. In these data, women from an ethnic minority (but not a dis-
advantaged social class) are the most likely to be “missing cases.” The potential bias
this introduces is an over-estimation of the socioeconomic resources of this group,
as only those women from an ethnic minority and have a paying job (or, at Jeast,
classified as having one) are included; these women may have better access to socio-
economic resources than those of their group that are not classified as having an
occupation,

However, we should not exaggerate the potential overestimation. ‘To determine
the extent of this bias, 1 approximated ISEI with a socioeconomic resoutces variable
that combines age, years of education and houschold income. Since, due to a quirk
in ESS 2002 France has a different household income variable than Germany, [ ana-
lyze only Germany, 2002 — 2006, Table 1 presents the distribution of its compo-
nents. The vatiable ranges from -3,83 to 4,30, where the higher the score, the greater
the socioeconomic resources. Women from an ethnic minority with no ISEI score
have an SES of -0,33 (S.D. = 0,86), as compared to 0,05 (8.D. = 0,89) for ethnic

Lable 1. Alternative Measurement of Socioeconamic Resonrces and Distribution of s Compo-
nents for Germany

Ttems Mean Standard deviation | Factor Loadings *

Age 48,87 17,87 0,55
Years of Bducation 12,96 3,39 0,79
Household Income 6,82 2,06 0,67

a} Bigenvalue = 1,38; explained variance = 45,99%,
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minority women who have an ISEI score. The difference is stadstically significant at
the 0,05 level, but cannot reasonably said to have 2 large, substandve difference.

24 Analytical Strategy

Cumulative disadvantage would have empitical sapport if those with more disadvan-
taged categories have a lower mean ISET than those with fewer disadvantaged cate-
gories, and that the difference between them is stadstically significant. To test this,
I calculate the statistical differences between discrete demographic categories, com-
paring each with that below it.”

2.5 Results

Table 2 presents means and standard deviatdons of ISEI scores for each discrete
demographic category. There are several noteworthy findings. First, class is part of
all of the most disadvantaged intersections. Test of mean differences between inter-
sections with class and those without are statistcally significant. This shows that of

the disadvanfaged demographics, class has the strongest reladonship to sociceco-

nomic resources, Second, there is some empirical support for cumulative disadvan-
tage: considering the extent to which class increases disadvantage, and that those
who represent the most disadvantaged intersections occupy the towest rungs on the
disadvantage scale. Providing further support is that men are at the top and women
from a Jow class, whether they are in an ethnic minotity or not, are at the lowest level
of disadvantage, Women from low social class are far wotse off than men from low
social class,

However, a strict test of cumulative disadvantage would show that woman from
an ethnic minosity would be more disadvantaged than 2 man with any single form
of disadvantage, and this is not the case. The difference in means between men
from disadvantaged class and women from ethnic minority is statistically significant:
ethnic minotity women ate, in terms of 1SEL better off than the lower class men.
Moreovet, women without class disadvantage and are not part of an ethnic minority
have a statistically significant difference with ethnic minority men.

Table 3 presents the results of the same type of analysis, but for each country
separately. The results are largely the same, but with visible cross-national differences,

7 Note that this pact of the analysis has the property of the Principle of Transfers, which states that if
Az=DBand B> C, then A > C.
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In both Germany and Prance, class acts as 2 millstone variable. However, the posi-
tioning of the demographic intersections — ranked based on ISEI for each countty
— ate slightly different. For example, contrary to Germany, ethnic minority French
men have a higher ISEI than ethnic minority French women, though the difference
Is not significant at the 0,05 level. Unlike in Prance, German lower class men from

Table 2. Mean International Socioeconomic Index: (ISFI ) by Tntersections of Gender, Etbnicity
and Class for France and Germany, 2002 — 2006

Is Diffesence
Statistically
Standard Significant
Mean Deviation N from Category
Immediately
Discrete Demogtaphic Category Below? ?
MAN 49,75 15,01 4545 Yes
WOMAN 47,61 13,19 5097 Yes
WOMAN and ETHINIC minotity 44,80 13,50 225 No
MAN and WTHNIC minority 4427 14,73 225 Yes
MAN and lower CLASS 26,95 531 1179 No
MAN and ETHNIC minotity and
tower CLASS ¥ 25,88 5,31 102 Yes
WOMAN and lower CLASS 21,37 6,00 1028 No
WOMAN and BETHNIC
minority and lower CLLASS 20,75 6,51 80

Source: Author’s calculations based on pooled Ruropean Social Survey (ES8), consisting of rounds 1
(2002}, 2 (2004) and 3 {2006). ISET is a combination of income and level of edacation attached to ISCO
occupation scores, where the highet the number, the greater the ISEI (see Ganzcboom et al 1992). 1SEI
means and standard deviations are caleulated for each discrete demographic category. N refers to number
of cases in the pooled 1158 data for each discrete demographic catcgory,

) Based on unpaircd t-test of statistical significance. Statistical significance s a siteation in which the dif-
ference between two groups is not due to just chance, or luck, “Yes” means rthat the statistically significant
difference between the row categoty and the one immediately below has a p value < G,05. “No” means
that difference is not statis tically significant at the 0,05 threshold. Note that this part of the analysis has the
property of the Principle of “I'ransfers, which states that if A > B, and B > C, then A > C. For example,
MAN tefers to men who do not belong to 20 ethnic minority or a disadvantaged social class; their mean
ISELis 49,75, which is statistically different (not due to chance alone) from women who do not belong to
an cthnic minotity or a disadvantaged social class (47,61), and is statistically significant (not due to chance
alone) from women who do belong to an cthnic minority bui not a disadvantaged social class (44, 80)
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Table 3. Mean International Seciveconomiz Index: (ISEI) by Intersections of Gender, Ethnicity
and Class by Conntry for France and Germany, 2002 —~ 2006

Germany
Is Difference
Statistically
Standard N Significant
Mean Deviation from Category
Immediately
. Below? ?
Discrete Demogtaphic Category
MAN 49,26 15,23 2832 Yes
WOMAN 47,86 12,34 3164 No
WOMAN and ETHNIC minority 46,15 12,45 119 Yes
MAN and ETHNIC minority 43,06 13,80 128 Yes
MAN and lower CLASS 271,28 5,00 739 Yes
MAN and ETHNIC minority and 5 40 67 Ves
lowet CLASS 25,41 ’ g
WOMAN and lower CLASS 22,27 6,00 596 No
WOMAN and ETHNIC minority 6.83 c3
and lower. CLASS. .. 21,48 ’
Frute
Is Difference
Statistically
Standard N Significant
Mean Deviation from Category
Immediately
. Below? ¥
Discrete Demographic Category
MAN 50,56 14,62 1713 Yes
WOMAN AR 47,29 14,47 1932 No
MAN and ETHNIC minority 45,88 13,55 96 No
WOMAN and ETHNIC minoticy 43,27 14,51 105 Yes
MAN and ETHNIC minotity and 26.77 401 35 No
lower CLASS i _
MAN and lower CLASS 26,40 5,63 440 Yes
WOMAN and lower CLASS 20,14 5,65 433 No
WOMAN and ETHNIC minority | 5 66 7
and lower CLASS 19,30 ?
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an ethnic minotity are in a worse socioeconomic position than similar men without
ethnic minority membership.

In sum, there is evidence for both the group-specific disadvantage and cumu-
lative disadvantage hypotheses. Group-specific disadvantage has empirical support
because there is no direct relationship between number of disadvantaged categories
and level of sociveconomic disadvantage. Suppert for camulative disadvantage is
dependent on how disadvantaged is measured and whether class is included. In this
study, class is clearly the heaviest millstone around the nccks of the disadvantaged,
where the lowest socioeconomic strata are largely comprised of men and women
from disadvantaged socizl class. Thus, camulative disadvantage should not be wholly
abandoned, but rather it should be modified to allow for situations in which dis-
advantage is not piled up so neatly. Language matters, and disadvantage is relative:
to say that women from an ethnic minority are better off than women from 2 low
social class should not hide the low social position of both, especially in reference to
intersections highet-up the stratification ladder.

3. Discussion

The quantitative literature analyzing intersectionality suggests a radical rethinking of
how mainstream social scientists should approach their research. Such change is diffi-
cult to achieve. From a data collection standpoint, we would bave to get mote cases
per survey and potentially ask aew kinds of survey questions (Bowleg 2008). For ex-
ample, sutvey questions such as “are you male or female?” are phrased in such a way

Source; Author’s ealculations based on pooled Buropean Social Susvey (188), consisting of rounds 1
{2002, 2 (2004) and 3 (2006). TSEL is a combination of income and level of education attached to 1SCO
vccupation scotes, where the higher the number, the greater the ISEI (see Ganzcboom et al 1992}, ISIT
means and standzrd deviations are calculared for each discrete demographic category. N refers to number
of cases in the pooled BSS dara for each discrete demographic category in cach countey.

a) Based on unpaired t-test of statistical significance. Seatistical significance Is 2 situation in which the
difference hetween two groups is not due to just chance, or luck. “Yes” means that the statistically signi-
ficant difference between the row category and the one immediately below has a p value < 0,05, “No”
means that difference is not stadstically significant at the 0,05 threshald, Note that this part of the analy-
sis fras the ptoperty of the Principle of Transfers, which states that if A > B, and B > C, then A > . For
cxample, MAN refers to men who do not belong to an ethnic minarity or a disadvantaged social class;
for German MAN, the mean ISEI is 49,26, which is statistically different from German women who do
not belong to an ethnic minotity or a disadvantaged sacial class (47,86) and is statistically significant {not
due to chance alone) from German women whe do belong to an ethnic minerity but aot a disadvantaged
social class {46,15). '
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as to divorce the categories from their institutional contexts, an idea contrary to the
intersectionality paradigm (Hancock 2007: 66). From a data analysis standpoint, we
would have to develop a variety of analytical techniques not commonly employed,
such as consistently measuting demographics with interaction terms (Weldon 2Q06).
From a publishing standpoint, journials would have to allow space for longer articles
filled with more nuanced analysis (see McCall 2005 on this point).

If gquantitative-otiented social scientists wotking in the field of social straﬂﬁc;%—
tion are predisposed to the ideas of intersectionality, why do they not engage in it
now? Thete are multiple reasons for this, First, intersectionality remains at the mar-
gins of graduate student training in the top social science programs. Getting its start
in women’s studies, intersectional research is an interdisciplinary project. Despite
that interdisciplinary endeavors are prized in the modetn university, the path of ideas
from one discipline to another is littered with disciplinaty boundaries and other ideo-
logical obstacles (Jacobs and Frickel 2009). Second, the social stratiﬁcatior.l literature
is dominated by older, established scholars for whom the intersectionality revolu-
tion occurred late in their careers. Given their past research programs and the com-
mitments they have made to current and future ones, these scholars are not likely ro
steer their research ship in a completely new direction any time soon. The quantita-
tive literature will have to be taken up by younger scholars who are exposed both to
the classic theoretical and methodological currents in the social sciences and the new

directions charted by an emergent group of intersectionality scholars. Third, if asked

about intersectionality, most social stratification reseatchers would say that it is ob-
vious. In this, however, they are merely positing the cumulative disadvantage theoty,
“adding-up™ disadvantage and declaring the whole enterprise unsurprising. To be
ohvious is to be uninteresting, and therefore to be ignored (M. Davis 1971; see also
K. Davis 2008). Yet, as the empirical illustration 1 provide suggests, intersectionality
is much mote complicated — and much more interesting — than they realize.

‘Taken togethe, T offer a rather downcast view of progress toward my st;%ted goal
of greater aumbers of scholars engaged in the scientific exploration of 1nter:§ec~
tionality using quantitadve techniques on survey data. The prospect of intersectlfm—
ality being eaken into the mainstream of quantitative-odented social stratification
research any time soon is dim. 'The history of “gender” as a variable in sutvey re-
search offers an object lesson. In the mainstream social stratification literature, only
in the 1980s did gender become routinely considered as an impottant Cxplanatm.:y
variable, decades after the feminist movement emerged as a powerful movement in
Ametica. Social stratification research featuring the influence of gender on a variety
of outcomes is vast, and much of it improves our understanding of how societies
work. Nowadays, sociologists must include gender (male and female dichotomized)
in their quantitative models, or face rejection by the top journals. Yet, most of these
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scholars do not follow Walby’s (2009) suggestion to place gender at the heart of their
theory. Often, among the other “standard demographics” (age, education and tace/
cthaicity, among them), gender is “thrown in” with little explanation as to how or
why it should matter, and its effects — latge, small of not at all — are but briefly noted.
The step from the current situation to one in which gender is conceived as part of
an intetsection is much too large to happen within the next decade, and possibly
much longer,

Yet, the project is now. To answer the question, Why shonld social sciemtists acconnt
Jor intersectionality in quantitative analysis of survey data?, the answer is: because it mat-
ters for classic issues in social inequality. What quantitative social science does best is
rigorously test theories with valid and reliable data and generalize to populations; to
realize the potential of intersectionality, we need more statistically-oriented studies
to understand the contexts in which intersectionality relates to disadvantage, With-
out more research in this arca, intersectionality will remain at the margins of the
social sciences and ignored by the top journals, where new questions are left unad-
dressed and intersectionality’s revolutionary promise remains unfaifilled.
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